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Making a Plan  Records a one-paragraph plan for

this turn.

Graphical interfaces . Informal LLMs as
proved unintuitive focus studies facilitators
Okay go ahead with that

Aggregate key emotion scores by available topic classifier buckets to approximate response style

differences, then render a chart comparing the averages.

Checking the database Asking the corpus a ques

tion.

Show Chart Runsa SQL query and shows the rows as a chart.
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Transparency

how analyses are conducted
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Interactivity

iteratively refined

Hi! I'm Compass, your guide for exploring text data. I work over RtGender (Voigt et al. 2018) —

online responses to public figures, labelled by the gender of the figure being addressed.

How shall we work together today? Pick whatever applies; you can change your mind any time. Or

feel free to skip and optionally decide later.

What brings you here?

Do research Learn data analysis

Teach a class

Explore a dataset Just look around

What kind of questions are you hoping to answer?

Find language patterns

CSearch specific content>

What should I explain the most?

The methods The visualizations

See emotions / sentiment

Spot dialect features Compare groups

1 - Prepare 2 - Label, filter 3 - Plots
corpus - sample scores - keywords UMAP - statistics
" /
small Change—: —r—ei‘lir; earlier stages
Compass: Three Functions
Interpret N Analyze N Display
user query via tools results
Database

SQL queries S DuckDB
Compass >
UDFs data - tools - labels

Keeps Compass within the user’s request

Agent tools available to Compass, by category

UI Operations

Corpus Documentation
Transparency
Provenance/Capabilities
User Selections

Charts & Data Viewing

Database Queries/Operations

22 tools in 7 categories (Appendix B, Table 2).

Making a Plan  Records a one-paragraph plan for this turn.

Let's do a preliminary exp

loration of the corpus

Grab a quick corpus sample to show what the comments look like, then pull high-level corpus stats so we

know the size and available classifier signals.

Sampling the Corpus Random sample of rows + flagship scores.

Counting the Corpus Row count and classifier-column count.

A random slice of comments shows the mix of supportive replies, questions, and outright hostile

remarks, each row already paired with GoEmotions classifier scores so you can gauge the modeled

affect per entry. Corpus-wide stats indicate 50,000 comments with 129 classifier columns (the

GoEmotions suite plus additional signals), so there’s enough coverage for broad affective or toxicity

analysis. Interpreted as a first look via representative rows and global scale; mapping how responses

differ by addressee gender or plotting overall emotion distributions would be natural next passes.
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The domain expert evaluation
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Likert items, 0—4
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Intuitive

Enabling

Helpful: compared with the tool used most

Mean rating, 04, with 95 % confidence interval
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Domain expert evaluation, n = 9; Likert scores zero to four.

Data analysis tool previously used (of 9)

Dedoose

Other LLMs

NVivo

Helpful was rated against the tool used most (Appendiz C).
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